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ANALYTICAL MODELS

Partial
Differential
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hyperbolic equations / waves
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elliptic equations / boundary values
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variational calculus
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Random
Systems
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joint distributions
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stochastic processes
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NUMERICAL MODELS
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PDEs
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Cellular Automata

& Lattice Gases
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Function
Fitting
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Architectures

polynomials
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padé approximants
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orthogonal functions
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radial basis functions
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Transforms

orthogonal transforms

MT . M=1

discrete fourier transform
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discrete wavelet transform
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principal component analysis
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OBSERVATIONAL MODELS

Optimization

& Search

simulated annealing

genetic algorithms

Clustering &

histograms and k-D trees
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Filtering &
Density Estimation State Estimation

matched filters
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wiener filters
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kalman filters
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hidden markov models

Nonlinear
Time Series

state-space reconstruction
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